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Abstract
Dual agent dose-finding trials study the effect of a combination of more than one agent, where the objective is to find
the Maximum Tolerated Dose Combination, the combination of doses of the two agents that is associated with a pre-
specified risk of being unsafe. In a Phase I/II setting, the objective is to find a dose combination that is both safe and active,
the Optimal Biological Dose, that optimises a criterion based on both safety and activity. Since Oncology treatments are
typically given over multiple cycles, both the safety and activity outcome can be considered as late-onset, potentially
occurring in the later cycles of treatment. This work proposes two model-based designs for dual-agent dose finding
studies with late-onset activity and late-onset toxicity outcomes, the Joint time-to-event (TITE) partial order continual
reassessment method and the Joint TITE Bayesian logistic regression model. Their performance is compared alongside a
model-assisted comparator in a comprehensive simulation study motivated by a real trial example, with an extension to
consider alternative sized dosing grids. It is found that both model-based methods outperform the model-assisted design.
Whilst on average the two model-based designs are comparable, this comparability is not consistent across scenarios.
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1 Introduction
A traditional Phase I dose-finding study uses binary observations of dose-limiting toxicities (DLTs), evaluating the safety
of a novel agent by escalating dose assignment in order to find the Maximum Tolerated Dose (MTD), a dose level associ-
ated with a pre-specified probability of observing a DLT. It may however be of interest to study the effects of a combination
of more than one agent, for example for synergistic effects of activity or safety. Here the objective is to find the MTD Com-
bination, the combination of doses of each of the agents associated with the pre-specified probability of observing a DLT.
Multiple designs exist for the dual agent Phase I dose-finding trial, for example the Bayesian Optimal Interval design1
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(BOIN), Keyboard,2 Partial Order Continual Reassessment Method3 (POCRM), Waterfall4 and Bayesian Logistic Regres-
sion Model5 (BLRM), with a comprehensive comparison of model-assisted designs compared to model-based designs
recently undertaken.6

It is often the case in oncology trials that there are multiple cycles of treatment, and therefore the trial duration would
be infeasibly long if one had to wait until the entire follow-up period for the previous cohort had been completed before
assigning the next cohort to a dose. Therefore, it is useful for a design to be able to incorporate delayed onset outcomes
when only partial information is available, for example on the first cycle out of a three-cycle treatment programme. Few
designs exist that incorporate delayed onset outcomes in dual agent trials, one such example being the time-to-event (TITE)
version of the POCRM.7

In the cases where it is possible to collect measures of activity of the agents, as is often the case in oncology, seamless
Phase I/II designs are possible since activity acts as a surrogate for efficacy. Here, the objective is to find the Optimal
Biological Dose (OBD), a dose that is both safe and shows sufficient activity that optimises some utility criterion based
on safety and activity, in line with the goal of the FDA’s Project Optimus8 ‘to move forward with a dose-finding and dose
optimisation paradigm across oncology that emphasises selection of a dose or doses that maximises not only the efficacy
of a drug but the safety and tolerability as well.’ A small number of designs exist that can evaluate both safety and activity
with delayed-onset binary outcomes in the single agent setting, model-assisted approaches such as that from Liu et al.9 the
TITE-B,10 and model-based approaches of the AT /AE Design11 and the Joint TITE-CRM.12 The inclusion of both safety
and activity outcomes in dual agent trials with no consideration for late-onset outcomes has been used in various designs
(see e.g. Wages and Conaway,13 Shimamura et al.,14 Yada and Hamada,15 Zhang et al.,16 Kakizume et al.,17 Lu et al.18 and
Jaki et al.19). The model assisted TITE-comb-BOIN1218 is currently the only design to address both late onset toxicity
and late onset activity outcomes in the dual agent setting. However, there does not currently exist a model-based design
that considers all of these factors.

In this work, we propose two model-based approaches to design a seamless Phase I/II dose finding trial in oncology,
incorporating delayed-onset toxicity and delayed-onset activity outcomes for dual agents, hypothesising that the joint
modelling approach will improve accuracy in the OBD identification. These novel model-based designs are compared to
the model-assisted TITE-comb-BOIN12 design. A motivating example is given in Section 2, before Section 3 introduces
the methodology for all three designs considered. Section 4 conducts a simulation study to compare the performance of
the designs before concluding with a discussion in Section 5.

2 Motivating example
Combining several anticancer agents can enhance overall antitumour activity; however, it may also lead to increased
toxicity. Combination therapies are frequently evaluated during the early clinical development of investigational oncology
agents. This is particularly relevant for prostate cancer, which remains the most commonly diagnosed cancer in males and
a leading cause of cancer-related deaths.

Target Radionuclide Therapy, which involves therapeutic agents based on radionuclides, holds significant promise in
oncology. These new agents are also being investigated in combination with standard treatments for prostate cancer, such
as hormone therapy. This approach is especially appealing and more easily planned when both agents are part of the
internal portfolio, as preclinical data can be generated more readily, creating a commercially viable opportunity.

This exploration is driven by previous initiatives within Bayer’s Targeted Alpha Therapy (TAT) platform. TAT is an
emerging modality in the field of radiotherapy that combines tumour-targeting molecules with alpha particle-emitting
radioisotopes, aiming to provide a novel approach to cancer treatment and potentially overcome resistance.20

In an early-phase study, a thorium-227 labelled antibody-chelator conjugate was combined with darolutamide, a syn-
thetic nonsteroidal next-generation androgen receptor antagonist, in patients with metastatic castration-resistant prostate
cancer.21,22 In this context, the doses of both agents could be adjusted to identify the optimal dose combination that
enhances overall antitumour activity while maintaining an acceptable safety profile.

3 Methodology
We propose two alternative approaches, both based on the Joint TITE-CRM,12 a design for single agent therapies with
late-onset activity and toxicity outcomes, which was shown to have good operating characteristics. The first proposed
approach, the Joint TITE-POCRM, extends the Joint TITE-CRM to the dual agent setting by mapping the two-dimensional
dosing grid into one dimension using the POCRM.3 The second, the Joint TITE-BLRM, extends the Joint TITE-CRM to
the dual agent setting by modelling the joint odds using the BLRM.23 These are compared to the model assisted TITE-
comb-BOIN12 design,18 which brings together the TITE-BOIN12 design,24 and the dual agent BOIN,1 summarised in
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Table 1. An example of dose labelling for the dual agent trial.

Agent W2

50 kBq/kg 75 kBq/kg 100 kBq/kg 125 kBq/kg 150 kBq/kg

Agent W1 600 mg d11 d12 d13 d14 d15
1200 mg d21 d22 d23 d24 d25

Figure 1. Visualisation of example trial with an observation period of three cycles and dose-escalation decisions taking place after
one cycle.

this section, with further details given in the Supplemental Materials. Section 3.1 provides the trial setup that is applicable
to all methods considered, then the following subsections introduce each of the approaches in turn. For brevity in this
section, many equations that are identical in the cases of toxicity and activity are only given once, with relevant subscripts
of T for toxicity that can be replaced with A in the case of activity.

3.1 Trial setup
3.1.1 Dosing grid. We consider two agents labelled agent W1 and agent W2; agent W1 has I dose levels labelled i = 1,… , I
and agent W2 has J dose levels labelled j = 1,… , J. The dose combinations are therefore labelled dij, making up an I by
J dosing grid, with an example of such a grid for I = 2 and J = 5 shown in Table 1.

3.1.2 Trial procedure. In the motivating setting introduced in Section 2, a toxicity or activity outcome may be observed
at any point during the trial, and therefore the trial procedure is set up to reflect this.

Patients are followed up for a total of 𝜏 treatment cycles, with the trial proceeding as follows:

1. The first cohort of patients is treated at the pre-specified starting dose combination.
2. After the previous cohort has been observed for one cycle of treatment, the next cohort is assigned to a dose

combination based on admissibility and a criterion of utility, both incorporating activity and toxicity.
3. Repeat step 2 until a stopping rule is triggered.

Figure 1 illustrates how such a trial would progress, with each vertical line representing the start of a cycle. Patients may
observe an activity response only, an activity response and then a DLT response, a DLT response only, or neither an activity
nor DLT response, with all four types of outcome visualised here.
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3.1.3 Admissibility and utility. In all designs, a cohort may only be assigned to dose combination dij if that dose combination
is deemed to be admissible. This means that it is above a certain probability of being both safe and active, and is formally
defined as:

ℙ(𝜋T (dij) < 𝜙T ) > qT & ℙ(𝜋A(dij) > 𝜙A) > qA

for some pre-defined thresholds qT for toxicity and qA for activity, where 𝜙T and 𝜙A are the target probabilities for toxicity
and activity, respectively, for the follow-up period 𝜏, and 𝜋T (dij) and 𝜋A(dij) are the probabilities of toxicity and activity at
dose combination dij, respectively. This ensure that assignment is to a dose combination that is considered neither futile
nor unsafe.

Once dose combinations are deemed admissible, the dose combination that optimises some utility criterion is chosen.
For all designs, for fairness of comparability, the following utility as used by Barnett et al.12 is used:

U(𝜋A,𝜋T ) = 𝜋A − 𝜔1𝜋T − 𝜔2𝜋T 𝕀(𝜋T > 𝜙T ) (1)

where the two weights, 𝜔1 and 𝜔2, reflect the trade-off between toxicity and activity. Note that this utility is different to the
originally proposed utility used by the TITE-comb-BOIN12 design, which can be found in the Supplemental Materials.

3.2 Joint TITE-POCRM
The POCRM3 maps the two-dimensional dosing grid into one dimension so that a single-agent dose-response model can
be applied. In order to do this, one must choose what is known as the dose skeleton, the dose-response model and the
ordering of the mapping itself.

Firstly, consider the dose skeleton, x. This can be interpreted for many models as the prior probability of observing a
toxicity response on a given dose; a vector of increasing values between 0 and 1, with a length equal to the number of
doses. This is used in the dose-response model as opposed to the real dose values, with the advantage of being invariant to
units of measurement.

Next, consider the dose-response model. In the original proposal of the POCRM, the one parameter power model was
used:

F(x, 𝛼) = xexp(𝛼)

where 𝛼 is the parameter of the model, assigned a N(0, 1.342) prior. Although displaying reasonable operating
characteristics, the two parameter logistic model allows for much more flexibility in the dose–response relationship:

F(x,𝜷) =
exp(𝛽0 + 𝛽1x)

1 + exp(𝛽0 + 𝛽1x)

where 𝜷 = (𝛽0, 𝛽1) is the parameter vector, with (𝛽0, log(𝛽1)) being assigned a bivariate normal prior,
(

𝛽0
log(𝛽1)

)
∼

N2(
(

c1
c2

)
,
(

v1 0
0 v2

)
).

In this setting, since responses may be late-onset, we also consider the TITE of a response in the model:

G(x, ⋅, w) = wF(x, ⋅)

where w is a function of the TITE of a response.
Next, consider the mapping. In order to choose which dose combinations are mapped to which elements of the skeleton,

one has to consider the ordering of the dose combinations. For example, one may map the grid in Table 1 into one
dimension using the ordering:

R(d11) ≤ R(d21) ≤ R(d12) ≤ R(d22) ≤ R(d13) ≤ R(d23) ≤ R(d14) ≤ R(d24) ≤ R(d15) ≤ R(d25)

where R(dij) represents the toxicity response rate of dose dij. This is just one of many possible orderings. Using the dose
skeleton of (0.15, 0.19, 0.22, 0.26, 0.30, 0.34, 0.38, 0.42, 0.46, 0.50) would map d11 to 0.15, d21 to 0.19 and so on.

A one-dimensional dose-response model can then be applied. Since there are a large number of potential mappings
that can exist, the POCRM considers only a subset of these, based on the ordering of the dosing grid. To choose the
one dimensional ordering in which to apply the dose skeleton to the dosing grid, a set of so-called partial orderings
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are considered. These are plausible orderings of the dose-combinations that adhere to the dose orderings. For example,
increasing the dose level of one agent whilst keeping the other the same would be a “higher” dose. (e.g. R(d12) ≥ R(d11))
However, when increasing the dose level of one agent and decreasing the other (an off-diagonal move) one would not
necessarily be able to specify which dose combination is “higher” (e.g. R(d12) ≥ R(d21) or R(d12) ≤ R(d21)). Further
restrictions may be placed on the set of partial orderings in order to define the subset to consider. These restrictions may
be drawn from information about the agents themselves, or from a statistical perspective. It is worth noting that increasing
the number of considered partial orderings substantially increases the computational cost of the design, and so including
multiple orderings that are very similar may not yield any increase in performance. In general, one must consider enough
orderings to capture the main differences that could occur, as originally argued by Wages et al.3 in the suggestion of
“good” orderings.

In this application, since we are considering both activity and toxicity endpoints, how they are incorporated into each
part of the POCRM must be taken into account. The skeleton is not necessarily the same for activity and toxicity, but
is fixed for each prior to conducting the study. The dose-response model must be for both toxicity and activity and the
mapping must be done for activity and toxicity separately. Like the dose skeleton, the set of partial orderings is not
necessarily the same for activity and toxicity, and hence the chosen ordering is also not necessarily the same.

The Joint TITE-POCRM therefore breaks down into two parts at each dosing decision:

• Part 1: Choose the partial ordering for toxicity and the partial ordering for activity with the highest associated
posterior probabilities to be used for model fitting.

• Part 2: Use the chosen orderings for toxicity and activity from Part 1 to fit the Joint TITE-CRM. This is used to
determine the next dose combination.

Since they are two distinct parts, it is not necessary that the models used in each part are the same. The gain in accuracy of
using a two-parameter joint logistic model in Part 2 as opposed to a one-parameter independent power model is large, as
this gives much more flexibility and allows the most use out of the observed data to estimate this relationship.25 However in
Part 1, not much is gained by the more complex model, which consequently substantially increases computational burden.
This is because the objective is only to find the right ordering, and not precise estimation. Therefore it is proposed here to
use one-parameter independent power models in Part 1 to determine the ordering, and a two parameter joint logistic model
in Part 2 to determine the OBD.

Part 1: Choosing partial orderings
A set of MT partial orderings for toxicity, labelled mT = 1,…MT , and a set of MA partial orderings for activity,

labelled mA = 1,…MA, are considered. The dose-response model for each partial ordering is referred to as a working
model. For each set, a prior probability is assigned to each partial ordering within the set, these are p(mA) and p(mT ) with∑MA

mA=1 p(mA) =
∑MT

mT=1 p(mT ) = 1. This probability represents the prior belief that the corresponding partial ordering is the
correct ordering. The sets MT and MA are the “good” orderings recommended by Wages et al.,3 further details of which
are given in the Supplemental Materials.

Toxicity and activity are considered independently in this part, both following.7 with the following dose-response
models:

GP1(x
(T)
𝓁,mT

, w(T)
𝓁 , 𝛼(T)) = w(T)

𝓁 (x(T)𝓁,mT
)
exp(𝛼(T))

LP1,mT
(𝛼(T)|ΩmT

) =
n∏

𝓁=1

GP1(x
(T)
𝓁,mT

, w(T)
𝓁 , 𝛼(T))y

(T)
𝓁 (1 − GP1(x

(T)
𝓁,mT

, w(T)
𝓁 , 𝛼(T)))(1−y(T)𝓁 )

for up to and including patient n, where x(T)𝓁,mT
is the toxicity skeleton value for the dose given to patient 𝓁 under working

model mT , y(T)𝓁 is the binary toxicity outcome for patient 𝓁, w(T)
𝓁 is the TITE weight for toxicity for patient 𝓁, 𝛼(T) is the

parameter of the dose-response model under working model mT . Similarly for activity, replacing T with A.
The TITE weight for toxicity, w(T), is defined as the proportion of total follow-up, as used by Cheung and Chappell,26

unless a DLT is observed in which case w(T)
𝓁 = 1. In a similar fashion, the TITE weight for activity, w(A) is defined as

the proportion of total follow-up, unless an activity outcome is observed, in which case w(A)
𝓁 = 1. However, if a DLT

is observed before an activity outcome can be observed, then the activity observation is censored by DLT time and so
w(A)
𝓁 = (DLT time - entry time)∕Total follow up time. This is the same specification as used by the Joint TITE-CRM.12

For activity and toxicity, a prior g is elicited on the parameter 𝛼, and the likelihoods are calculated for each of the
considered working models. For each working model, the posterior probability of the corresponding partial ordering for
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toxicity is therefore calculated as:

p(mT |Ωn) =
p(mT ) ∫𝛼(T) LmT

(𝛼(T)|Ωn)g(𝛼(T))d𝛼(T)∑MT
mT=1 p(mT ) ∫𝛼(T) LmT

(𝛼(T)|Ωn)g(𝛼(T))d𝛼(T)

and similarly for activity, again replacing T with A. For both activity and toxicity, the respective individual working models
with the highest posterior probability, labelled m∗

A and m∗
T , are chosen to proceed to Part 2.

Part 2: Determining next dose combination
The chosen partial orderings from Part 1 are used in the following model, a joint two-parameter logistic model for

both safety and activity outcomes, the Joint TITE-CRM.12 The model for toxicity is outlined here, with the same used for
activity, replacing T with A:

F(x(T)𝓁,m∗
T
,𝜷(T)) =

exp(𝛽(T)0 + 𝛽(T)1 x(T)𝓁,m∗
T
)

1 + exp(𝛽(T)0 + 𝛽(T)1 x(T)𝓁,m∗
T
)

where 𝜷(T) = (𝛽(T)0 , 𝛽(T)1 ). Similarly for activity, replacing T with A.
The same weights for toxicity and activity observations as used in part 1 (w(T)

𝓁 and w(A)
𝓁 respectively) are used in the

weighted dose response models:

GP2(x
(T)
𝓁,m∗

T
, w(T)

𝓁 ,𝜷(T)) = w(T)
𝓁 F(x(T)𝓁,m∗

T
,𝜷(T))

The GP2 for activity and toxicity are related by a Gumbel Model with correlation parameter 𝜓 considering all binary
combinations of toxicity and activity outcomes, as in the Joint TITE-CRM, with full details given in the Supplemental
Materials.

Priors are elicited on the parameters 𝜓 , 𝛽(A)0 , 𝛽(A)1 , 𝛽(T)0 , 𝛽(T)1 using the calibration procedure outlined in the Supplemental
Materials, and the likelihood, also in the Supplemental Materials, is used to update the joint posterior for all of the param-
eters using MCMC methods. The posterior distributions of the probability of activity and toxicity on all cycles at each
dose combination, respectively, 𝜋A and 𝜋T , are used to determine the admissibility and utility of each dose combination,
and therefore the recommended next dose combination.

Out of the admissible dose combinations, the dose combination with the highest utility (Equation 1) is recommended.

3.3 Joint TITE-BLRM

The Joint TITE-BLRM uses the actual dose values of agent W1, d(W1)
i and agent W2, d(W2)

j in the model. The toxicity of the
two agents is modelled, and their odds linked by an odds-multiplier (as recommended by Neuenschwander et al.5), and
the same is done for activity. The dual agent TITE activity and toxicity models are then linked by a Gumbel model with
correlation parameter 𝜓 in a similar fashion to the Joint TITE-CRM.

The model for toxicity is outlined here, with the same used for activity, replacing T with A. The toxicity of agent W1 is
given as:

F(d(W1)
i , 𝜷(W1,T)) =

exp(𝛽(W1,T)
0 + 𝛽(W1,T)

1 d(W1)
i )

1 + exp(𝛽(W1,T)
0 + 𝛽(W1,T)

1 d(W1)
i )

where 𝜷(W1,T) = (𝛽(W1,T)
0 , 𝛽(W1,T)

1 ), and the toxicity of agent W2 is given as:

F(d(W2)
j , 𝜷(W2,T)) =

exp(𝛽(W2,T)
0 + 𝛽(W2,T)

1 d(W2)
j )

1 + exp(𝛽(W2,T)
0 + 𝛽(W2,T)

1 d(W2)
j )

where 𝜷(W2,T) = (𝛽(W2,T)
0 , 𝛽(W2,T)

1 ), with their odds linked:

odds(T)
d(W1 )

i ,d(W2)
j

= odds(T),0
d(W1 )

i ,d(W2 )
j

exp(𝜂(T)d(W1)
i d(W2)

j )



192 Statistical Methods in Medical Research 35(1)

where

odds(T),0
d(W1 )

i ,d(W2 )
j

=
F(d(W1)

i ,𝜷(W1,T))

1 − F(d(W1)
i ,𝜷(W1,T))

+
F(d(W2)

j ,𝜷(W2,T))

1 − F(d(W2)
j ,𝜷(W2,T))

+
F(d(W1)

i ,𝜷(W1,T))F(d(W2)
j ,𝜷(W2,T))

(1 − F(d(W1)
i ,𝜷(W1,T)))(1 − F(d(W2)

j ,𝜷(W2,T)))

The contribution to the likelihood is then weighted in the same way as in the Joint TITE-POCRM, with the same
definition of weights w:

GB(x
W1

𝓁 , xW2

𝓁 , w(T)
𝓁 , 𝜷(W1,T),𝜷(W2,T), 𝜂(T)) = w(T)

𝓁

odds(T)
xW1
𝓁 ,xW2

𝓁

1 + odds(T)
xW1
𝓁 ,xW2

𝓁

where xW1

𝓁 is the dosage of agent W1 assigned to patient 𝓁, and xW2

𝓁 is the dosage of agent W2 assigned to patient 𝓁.

There are therefore 11 parameters in this model: 𝛽W2,A
0 , 𝛽W2,A

1 , 𝛽W1,A
0 , 𝛽W1,A

1 , 𝛽W2,T
0 , 𝛽W2,T

1 , 𝛽W1,T
0 , 𝛽W1,T

1 , 𝜂(T), 𝜂(A), 𝜓 .
Priors are elicited on all 11 parameters, again using the same calibration procedure as the Joint TITE-POCRM, detailed
in the Supplemental Materials and the likelihood also outlined in the Supplemental Materials is used to update the joint
posterior for all of the parameters using MCMC methods. In the same way as the Joint TITE-POCRM, the posterior
distributions of the probability of activity and toxicity on all cycles at each dose combination, respectively, 𝜋A and 𝜋T ,
are used to determine the admissibility and utility of each dose combination, and therefore the recommended next dose
combination. The same utility criterion (1) as used for the Joint TITE-POCRM is used for the Joint TITE-BLRM.

3.4 TITE-comb-BOIN12
As a model-assisted design, TITE-comb-BOIN1218 uses a model at each dose level to make escalation decisions, rather
than modelling the dose–response relationship as the previous two designs have. This design extends the original proposal
of TITE-BOIN12 for single agent trials in line with the dual agent BOIN design.1 In this comparison, the utility given
in Equation 1 is used in order for the modelling approaches to be compared fairly since different utilities will naturally
give different definitions of optimality. Further details of this model-assisted comparator are given in the Supplemental
Materials, including the alternative utility.

4 Simulations
To assess and compare the relevant operating characteristics of the designs, simulations are conducted over a range of
plausible scenarios. In each scenario, 1000 trial simulations are performed.

The setting is motivated by the example illustrated in Section 2, with two doses of Agent W1 and five doses of Agent
W2. The starting dose is d22, reflecting the fact that the lowest dose levels of each agent are fall-back doses. The procedure
of the trial follows that outlined in Section 3.1.2.

Details of the values used in the priors of all methods are given in the Supplemental Materials.

4.1 Scenarios
Given the complexity of the setting, it is important to consider a wide range of relevant scenarios. Six safety scenarios and
eight activity scenarios are combined to give 48 total scenarios. The individual safety and activity scenarios are defined
so that different areas of the grid are active and safe. When combined, this gives the OBD in different positions in the
grid. The six toxicity and activity scenarios are given in Table 2, with the probability of toxicity and activity for the whole
observation window of 𝜏 = 3 cycles quoted. The individual utility of the 48 scenarios are provided in the Supplemental
Materials, as well as the alternative BOIN utility.
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4.2 Data generation
Data in the form of event times for activity and toxicity are generated for each simulated patient response. Following
Barnett et al.,12 these event times tA and tT are generated from a bivariate log-normal model:

(
tT
tA

)
∼ Lognormal2

((
𝜇T
𝜇A

)
,
(

𝜎
2
T − 𝜎T𝜎A

2
− 𝜎T𝜎A

2
𝜎

2
A

))

with parameters 𝜇T , 𝜇A, 𝜎T , 𝜎A calculated for each dose combination so that the probability of observing a toxicity event
across the observation period equals that defined by the scenario specification, and similarly for activity. The pattern
across cycles differs between activity and toxicity, with activity split equally across all three cycles, and 0.75 of the total
probability of toxicity assigned to the first cycle. This is in line with the data generation used by Barnett et al.,12 although
for simplicity here we refer only to the true probabilities of response across all cycles in the definition of scenarios.

4.3 Rules
In a similar fashion to Barnett et al.,12 a set of rules reflecting those applied in such a trial are used. Let p1,di∗j∗

be the
probability of observing a DLT response in cycle 1 on dose di∗j∗.

Enforcement rules restrict the set of allowable doses in order to protect the safety of patients in the trial. The dose
skipping rule restricts escalation to unexplored doses, and the hard safety rule restricts escalation to explored doses.
Stopping rules dictate the criteria for stopping the trial.

The parameters for the admissibility criteria for all designs are set at qT = qA = 0.2 and 𝜙T = 0.3 and 𝜙A = 0.2.

4.3.1 Enforcement.

1. Dose skipping: In this dual agent case, the dose skipping rule is defined by agent. Once dose di∗j∗ has been
explored, all doses dij such that i ≤ i ∗ an j ≤ j ∗ +1, or i ≤ i ∗ +1 and j ≤ j ∗ are allowable. This ensures that dose
levels of each agent are not skipped, as well as restricting escalation in both agents at once.

2. Hard safety: The hard safety rule is defined by the observed number of DLT responses in the first cycle of treatment
on explored doses. If there are 3 DLT responses out of 3 patients, 4 or more DLT responses out of 6 patients, or 5
or more DLT responses out of 9 patients on dose di∗j∗, then all doses dij such that i ≥ i ∗ and j ∗≥ j, are excluded
from further exploration. This is based on an exclusion criterion of ℙ(p1,di∗j∗

> 0.3) > 0.95 using a beta-binomial
model with a Beta(1, 1) prior.

4.3.2 Stopping.

1. No admissible dose combinations: If no dose combinations satisfy both admissibility criteria in Section 3.1.3,
then the trial is stopped, deeming no dose combination admissible.

2. Lowest dose combination deemed unsafe: If ℙ(p1,d11
> 0.3) > 0.80 and at least one cohort of patients has been

assigned to dose d11, the trial is stopped, deeming all dose combination unsafe.
3. Highest dose combination deemed very safe: If ℙ(p1,dIJ

≤ 0.3) > 0.80 and at least one cohort of patients has been
assigned to dose dIJ , the trial is stopped, deeming all doses under target safety.

4. Sufficient information: For a pre-defined cut-off value, Csuff , if a dose combination is recommended for the next
cohort on which Csuff patients have already been assigned in the escalation, the trial is stopped. In this case, we use
Csuff = 30.

5. Hard safety: If the d11 is considered unsafe according to the hard safety enforcement rule, the trial is stopped,
deeming all dose combination unsafe.

6. Maximum patients: If the maximum number of patients (n = nmax) have been recruited, the trial is stopped. In
this case, we use nmax = 60.

4.4 Results
To evaluate the merits of the three designs, their performance is measured according to criteria based both on their final
recommendation of dose combination and the assignment of patients to the dose combinations. It is desirable for a design
to give a high proportion of good dose combination recommendations, whilst also not exposing unnecessary levels of
patients to unsafe dose combinations.
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Figure 2. Results for scenarios T1.A1–T1.A8, including an average over these six scenarios, labelled T1.AMean. (a) Percentage of
Correct, Good and Acceptable selections; (b) Mean total patients, and mean patients assigned to unsafe dose combinations.

To compare the recommendations, we define certain classes of dose combinations. A dose combination is safe if the
true probability of observing a toxicity is less than or equal to 0.3 and unsafe otherwise. A dose combination is active if
the true probability of observing an activity event is greater than or equal to 0.2 and futile otherwise. If a dose is unsafe
or futile, then it is unacceptable. If it is both safe and active, then it is acceptable. Within the class of acceptable dose
combinations, the one dose combination with the highest true utility is defined as the correct dose combination, however
when the utility is very similar across dose combinations with the highest utility, these dose combinations are referred to
as good.

To gain an assessment of the performance, the selections are also compared to an optimal non-parametric benchmark
that takes into account uncertainty of ordering.27 This is modified in this context to also account for admissibility, with
further details given in the Supplemental Materials.

It is worth noting that for the approaches to be fairly compared, we have used the same utility criterion for all
approaches. The original proposal of the TITE-comb-BOIN12 design introduced an alternative utility criterion, which
is evaluated in the Supplemental Materials. The decision was made to use the same utility criterion for all methods in this
comparison as for the alternative BOIN utility criterion, in some scenarios, the definition of correct and good doses are not
identical to the utility used here, and so direct comparisons of these metrics for different utility criteria are not meaningful.

Figures 2 to 7 display the results across the 48 scenarios, each figure representing one toxicity scenario, with its
combination scenario with each activity scenario, and an average across these combinations. Within each figure, subfigure
(a) concerns the selections, displaying the percentage of Correct, Good and Acceptable selections. Subfigure (b) concerns
the assignments, displaying the average total sample size and the average number of patients assigned to unsafe doses.
Figure 8 displays the mean of these results over the toxicity scenarios for each activity scenario, and an average over all
48 scenarios. Full details of the selections and assignments are available in the Supplemental Materials.

Since the overall average displayed in the final columns of Figures 8(a) and (b) show only a small difference across the
three approaches, one might assume that there is comparable performance. However, there is a large amount of variation
when one looks in more detail at the individual scenarios.
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Figure 3. Results for scenarios T2.A1–T2.A8, including an average over these six scenarios, labelled T2.AMean. (a) Percentage of
Correct, Good and Acceptable selections; (b) Mean total patients, and mean patients assigned to unsafe dose combinations.

For example, in scenarios T1.A1, T1.A2, T1.A3, T1.A4 and T1.A5, the Joint TITE-BLRM considerably outperforms
the Joint TITE-POCRM. In these scenarios, all dose combinations are safe, and the correct dose combination is at the
highest level of Agent W2, with good dose combinations surrounding it. In these scenarios, the somewhat poor performance
of the Joint TITE POCRM is due to it incorrectly stopping early due to stopping rule 4.3.2., that the highest dose is
deemed too safe. The TITE-comb-BOIN12 shows a poor performance in terms of correct selections and good, but a
strong performance in terms of acceptable selections across activity scenarios 1–6. However, in activity scenarios 7 and 8,
where the dose–activity relationship is a plateau and bell curve, the TITE-comb-BOIN12 design outperforms the model-
based designs, due to this activity relationship not adhering to the monotonicity assumptions of the models. This trend is
also seen throughout the other safety scenarios.

In contrast, it can be seen in Figure 3(a) in scenario T2.A1 and T2.A4, the Joint TITE-POCRM considerably out-
performs the Joint TITE-BLRM. In both of these scenarios, dose combination d14 is the OBD. In T2.A4, the Joint
TITE-BLRM incorrectly concludes that there is no admissible dose in 57% of simulations, despite a number of dose
combinations being truly active and safe. The Joint TITE-POCRM however, shows a better performance. It is also appar-
ent from Figure 3(b) that the Joint TITE-BLRM assigns more patients on average to unsafe dose combinations, despite
a smaller average overall sample size. As a comparator, the TITE-comb-BOIN12 here shows a poor performance when
there are truly no admissible dose combinations, being more willing to recommend an inactive dose combination.

Figure 4(a) shows some interesting contrasting behaviour of the two model-based approaches. In T3.A3 and T3.A5,
the Joint TITE-BLRM shows superior performance in terms of correct selections, however in T3.A1 T3.A2 and T3.A4,
the Joint TITE-POCRM shows superior performance in terms of correct selections, and the Joint TITE-BLRM fails to
select the correct dose combination at all. Here the correct dose combination is on the lowest dose of Agent W1, and the
Joint TITE-BLRM seems to favour good doses on the higher dose level of Agent W1. The TITE-comb-BOIN12 again is
displaying behaviour whereby it is more willing to recommend inactive dose combinations.

Figure 5(a) again shows the contrast in the behaviour. The average performance across T4 is very similar in terms
of correct selections, but the Joint TITE-BLRM has more good selections. However. for example T4.A4 and T4.A5
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Figure 4. Results for scenarios T3.A1–T3.A8, including an average over these six scenarios, labelled T3.AMean. (a) Percentage of
Correct, Good and Acceptable selections; (b) Mean total patients, and mean patients assigned to unsafe dose combinations.

show very different performances. In T4.A4, the Joint TITE-BLRM shows a very poor performance. The only accept-
able/good/correct dose is d12, and the Joint TITE-BLRM only selects this dose combination in 3% of simulations, selecting
the inactive d21 in 18% of simulations and no admissible dose in 74% of simulations. Whereas the Joint TITE-POCRM
selects the correct dose combination in 30% of simulations. In contrast, in scenario T4.A5, dose d21 is the only accept-
able/good/correct dose, and the Joint TITE-POCRM only selects this dose in 17% of simulations, selecting the inactive
d12 in 5% of simulations and no admissible dose in 69% of simulations. The Joint TITE-BLRM however recommends the
correct dose in 54% of simulations. This comparison is of particular interest, as from the starting dose of d22 being unsafe,
these two scenarios illustrate the differences when it is the increase in Agent W1 or Agent W2 that is driving the toxicity.
The Joint TITE-POCRM shows a more balanced performance, whereas the Joint TITE-BLRM shows a clear preference
for Agent W1.

Since in T5, only the lowest dose combination is safe, only in scenarios T5.A1 and T5.A2 are we seeking to find the
correct dose combination, and in the other four T5 scenarios we seek to declare no admissible doses. In Figure 6, the
Joint TITE-POCRM shows superior performance in T5.A5 and T5.A6, where the Joint TITE-BLRM is more likely to
recommend the inactive dose combinations than the Joint TITE-POCRM. The Joint TITE-BLRM identifies the lowest
dose combination as the OBD in scenarios T5.A1 and T5.A2 more than the Joint TITE-POCRM.

In the T6 scenarios, all dose combinations are unsafe, and therefore the correct recommendation is either stopping
for no admissible dose, or for a safety stopping rule. Here, Figure 7 illustrates the performance of the methods in these
scenarios. It is clear to see that the TITE-comb-BOIN12 design correctly stops in more simulations in T6.A1 and T6.A2,
but also stops sooner across most scenarios, with much smaller mean sample sizes. The Joint TITE-POCRM and Joint
TITE-BLRM show similar performances to each other in T6.A2, T6.A4 and T6.A6, however the across the rest of the
scenarios the Joint TITE-POCRM shows superior performance. Both model-based methods show poorer performances in
the scenarios where the lowest dose combinations are active.

Figure 8 shows the average results over toxicity scenarios, including an average over all 48 scenarios. Whilst conclu-
sions cannot be drawn in cases where the averages are similar, it is of interest to note those activity scenarios where the
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Figure 5. Results for scenarios T4.A1–T4.A8, including an average over these six scenarios, labelled T4.AMean. (a) Percentage of
Correct, Good and Acceptable selections; (b) Mean total patients, and mean patients assigned to unsafe dose combinations.

results are contrasting. Of note is A4, where the Joint TITE-POCRM shows superior performance over the Joint TITE-
BLRM. Here, in three out of the six individual scenarios, the OBD was at the the 600 mg dose of Agent W1, which the
Joint TITE-BLRM finds harder to identify. The TITE-comb-BOIN12 shows superior performance and decreased sample
size in A2, where all dose combinations are active, however shows an inferior performance and increased sample size in
A6, where all but the highest dose combination is inactive. This is driven by the reluctance to stop for inactivity by the
TITE-comb-BOIN12 design. As previously noted, the TITE-comb-BOIN12 design outperforms the model-based designs
in activity scenarios 7 and 8, where the dose–activity relationship breaks the assumptions of the models.

4.5 Changing the size of the dosing grid
So far we have considered scenarios whereby the dosing grid has dimensions 2 × 5, Agent W1 having two dose levels,
1200 mg and a fall-back of 600 mg, and Agent W2 has 5 dose levels to explore. Now we extend the set of scenarios to
include those where the dosing grid has dimensionality 3 × 3. Here we extend the range of Agent W1 to include a higher
dose of 1800 mg, and restrict the range of Agent W2 to the lower three doses.

A smaller range of scenarios are considered in this setting, labelled S1–S6, with their definitions given in Table 3. These
scenarios are chosen to give a range of relationships across the grid, and to further explore the results seen in the 2 × 5
grid.

The starting dose remains d22, and the prior distribution require little amendments, only the POCRM requires the final
value in the skeleton to be removed. The partial orders considered in the POCRM follow the same pattern as recommended
by Wages et al.,28 detailed in the Supplemental Materials.

The results for the simulation study of 3 × 3 grids are shown in Figure 9. There are noticeable differences between the
Joint TITE-BLRM and Joint TITE-POCRM across this range of scenarios. In S1, the Joint TITE-BLRM recommends the
correct dose in 29% of the simulations, compared to only 15% for the Joint TITE-POCRM. The Joint TITE-BLRM also
has a higher percentage of good and acceptable selections.

In S2, again the Joint TITE-BLRM shows more promising behaviour, recommending a good dose combination in 59%
of simulations compared to the 12% of the Joint TITE-POCRM. This stark difference is due to the POCRM incorrectly
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Figure 6. Results for scenarios T5.A1–T5.A8, including an average over these six scenarios, labelled T5.AMean. (a) Percentage of
Correct, Good and Acceptable selections; (b) Mean total patients, and mean patients assigned to unsafe dose combinations.

stopping the trial for no admissible doses or the highest dose being too safe in 74% of simulations. Here only the 1800 mg
dose of Agent W1 is active, and all doses are safe. The behaviour displayed is similar to that seen in scenario T1.A5, that
the Joint TITE-POCRM struggles to identify good doses when only the highest dose level of Agent W1 is active.

In S3–S6 however, the reverse is true, and the Joint TITE-POCRM show superior performance to the Joint TITE-
BLRM. In S3, where the 1800 mg dose of Agent W1 is unsafe, and only the lowest dose combination is inactive, the Joint
TITE-POCRM recommends a good dose in 72% of simulations, compared to 41% for the Joint TITE-BLRM. Interestingly,
the Joint TITE-POCRM favours recommending d13, whereas the Joint TITE-BLRM favours recommending d21 and d22.
In S4, where only the 600 mg dose of Agent W1 is safe, the BLRM incorrectly recommends the unsafe d21 in 38% of
simulations, and also favours in recommendation the dose combination d11 only recommending the correct d13 in 5% of
simulations, hence a poorer performance than the POCRM, which favours in recommendation the dose combination d12

at 30%, followed by the correct d13 in 28% of simulations.
In S5, the acceptable dose combinations lie along the off-diagonal of the grid, increasing utility as the dose of Agent W2

increases. The Joint TITE-POCRM recommends the correct dose in 39% of simulations, whereas the Joint TITE-BLRM
only recommends this dose in 1% of simulations, giving more favour to d31 and d22, and has over twice as many simulations
recommending no admissible dose than the Joint TITE-POCRM, at 28%. In S6, the highest dose of Agent W2 in unsafe
and the lowest dose of Agent W2 is inactive, leaving only the middle dose. Here, the Joint TITE-BLRM recommend the
correct dose of d32 in more simulations than the Joint TITE-POCRM (33% vs 16%), the POCRM recommends a good
dose in 59% of simulations compared to the BLRM’s 39%. The downfall of the Joint TITE-BLRM in this scenario is in
its over-recommendation of d31, which is inactive.

The TITE-comb-BOIN12 again shows a strong performance in terms of acceptable selections, however a poor perfor-
mance in terms of good and correct selections, with a sample size in between the two model-based designs, and fewer
patients assigned to unsafe doses.
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Figure 7. Results for scenarios T6.A1–T6.A8, including an average over these six scenarios, labelled T6.AMean. (a) Percentage of
Correct, Good and Acceptable selections; (b) Mean total patients, and mean patients assigned to unsafe dose combinations.

5 Discussion
In this work, two model-based approaches for a Phase I/II dose-finding trial with dual agents and late-onset endpoints are
presented. One is based on the BLRM, and the other the POCRM. Both approaches show promise, but with contrasting
behaviours in a subset of considered scenarios.

These contrasting behaviours are inherent due to the differences in nature of the two designs, accentuated by the dual
TITE endpoint. Since the Joint TITE-POCRM has a fixed skeleton that can be mapped onto the dosing grid for the different
partial orderings, this means that there is no fixed prior for each dose combination. In contrast, the Joint TITE-BLRM must
by definition have a fixed prior for each dose combination. However, the Joint TITE-BLRM models interaction between
the two agents and interaction between the two endpoints, whilst the Joint TITE-POCRM only models the interaction
between the two endpoints in its second stage. Therefore both approaches offer flexibility in different ways, and this is
illustrated in the simulation results presented here. In the case where there are two-dose levels of W1, the Joint TITE-
BLRM is better at identifying when the fall-back dose of Agent W1 is inactive, and in general explores the higher dose
of Agent W1 well, only deviating to the lower dose if the higher dose is deemed unsafe. The POCRM on the other hand,
explores the grid more, and will explore the lower dose of Agent W1 more often in the scenarios explored here.

One obvious limitation of both methods is their computational intensity. The complex models require MCMC methods
to compute posterior distributions for parameters. The large number of parameters on which priors must be elicited is
especially problematic for the BLRM as the high dimensionality of the prior calibration greatly increases the computational
load. The reliance on the prior calibration should also be noted. In this work, both methods were subject to the same method
of calibration an hence both given the fair chance to perform. Within the results of this calibration, it was clear to see that
the results were particularly sensitive to some changes in hyper-parameter values and robust to others. Therefore the prior
specification must be considered carefully in the context of the trial.

The models themselves also rely on a number of assumptions. For example, the monotonicity of both the activity and
toxicity with dose. We have explored scenarios where the dose–activity relationship is both a plateau and bell-shaped,
finding that the model-assisted method outperforms both model-based methods in these cases, although it should be
noted that the model-based methods still perform well. Whilst the framework of both approaches could be adapted to
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Figure 8. Average results over toxicity scenarios, labelled TMean.A1–TMean.A8, including an average over all 48 scenarios, labelled
TMean.AMean. (a) Percentage of Correct, Good and Acceptable selections; (b) Mean total patients, and mean patients assigned to
unsafe dose combinations.

accommodate non-monotonicity, the way in which this should be done would depend upon any further assumptions on the
dose–response relationship.

Whilst we endeavour to present a comprehensive study of the proposed methods, there are of course other extensions
that could be considered. For example, sensitivity to the distribution of the TITE, number of cycles, cohort size and sample
size could all be considered of interest and would be especially pertinent in application to a trial.
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Figure 9. Results for the scenarios with 3 by 3 grids, including an average over these scenarios. (a) Percentage of Correct, Good
and Acceptable selections; (b) Mean total patients, and mean patients assigned to unsafe dose combinations.

References
1. Lin R and Yin G. Bayesian optimal interval design for dose finding in drug-combination trials. Stat Methods Med Res 2017; 26:

2155–2167.
2. Pan H, Lin R, Zhou Y, et al. Keyboard design for phase I drug-combination trials. Contemp Clin Trials 2020; 92: 105972.
3. Wages NA, Conaway MR and O’Quigley J. Continual reassessment method for partial ordering. Biometrics 2011; 67: 1555–1563.
4. Zhang L and Yuan Y. A practical bayesian design to identify the maximum tolerated dose contour for drug combination trials. Stat

Med 2016; 35: 4924–4936.
5. Neuenschwander B, Branson M and Gsponer T. Critical aspects of the Bayesian approach to phase I cancer trials. Stat Med 2008;

27: 2420–2439.
6. Barnett H, George M, Skanji D, et al. A comparison of model-free phase I dose escalation designs for dual-agent combination

therapies. Stat Methods Med Res 2024; 33: 203–226.
7. Wages NA, Conaway MR and O’Quigley J. Using the time-to-event continual reassessment method in the presence of partial

orders. Stat Med 2013; 32: 131–141.
8. US Food & Drug Administration. Project optimus. https://www.fda.gov/about-fda/oncology-center-excellence/project-optimus

(2024, accessed 2 December 2024).
9. Liu S and Johnson VE. A robust Bayesian dose-finding design for phase I/II clinical trials. Biostatistics 2016; 17: 249–263.

10. Yan D, Tait C, Wages NA, et al. Generalization of the time-to-event continual reassessment method to bivariate outcomes. J
Biopharm Stat 2019; 29: 635–647.

11. Yuan Y and Yin G. Bayesian dose finding by jointly modelling toxicity and efficacy as time-to-event outcomes. J R Stat Soc Ser C
(Appl Stat) 2009; 58: 719–736.

12. Barnett H, Boix O, Kontos D, et al. Joint tite-CRM: a design for dose finding studies for therapies with late-onset safety and
activity outcomes. Stat Biopharm Res 2024; 17: 149–160.

13. Wages NA and Conaway MR. Phase I/II adaptive design for drug combination oncology trials. Stat Med 2014; 33: 1990–2003.

https://www.fda.gov/about-fda/oncology-center-excellence/project-optimus


204 Statistical Methods in Medical Research 35(1)

14. Shimamura F, Hamada C, Matsui S, et al. Two-stage approach based on zone and dose findings for two-agent combination phase
I/II trials. J Biopharm Stat 2018; 28: 1025–1037.

15. Yada S and Hamada C. A bayesian hierarchal modeling approach to shortening phase I/II trials of anticancer drug combinations.
Pharm Stat 2018; 17: 750–760.

16. Zhang J, Yan F, Wages NA, et al. Local continual reassessment methods for dose finding and optimization in drug-combination
trials. Stat Methods Med Res 2023; 32: 2049–2063.

17. Kakizume T, Takeda K, Taguri M, et al. Boin-etc: a Bayesian optimal interval design considering efficacy and toxicity to identify
the optimal dose combinations. Stat Methods Med Res 2024; 33: 716–727.

18. Lu M, Zhang J, Yuan Y, et al. Comb-boin12: a utility-based Bayesian optimal interval design for dose optimization in cancer
drug-combination trials. Stat Biopharm Res 2025; 17: 266–276.

19. Jaki T, Barnett H, Titman A, et al. A seamless phase I/II platform design with a time-to-event efficacy endpoint for potential
covid-19 therapies. Stat Methods Med Res 2024; 33: 2115–2130.

20. Bidkar AP, Zerefa L, Yadav S, et al. Actinium-225 targeted alpha particle therapy for prostate cancer. Theranostics 2024; 14: 2969.
21. Bayer. A Phase 1, open-label, first-in-human, multi-center, study to evaluate the safety, tolerability, pharmacokinetics, and

anti-tumor activity of a thorium-227 labeled antibody-chelator conjugate, BAY 2315497 Injection alone, and in combi-
nation with darolutamide (BAY 1841788), in patients with metastatic castration resistant prostate cancer. NCT03724747.
https://clinicaltrials.bayer.com/study/19445/, 2024.

22. US National Library of Medicine. Study to Evaluate the Safety, Tolerability, Pharmacokinetics, and Antitumor Activity of a
Thorium-227 Labeled Antibody-chelator Conjugate Alone and in Combination With Darolutamide, in Patients With Metastatic
Castration Resistant Prostate Cancer. NCT03724747. https://beta.clinicaltrials.gov/study/NCT03724747, 2024.

23. Neuenschwander B, Matano A, Tang Z, et al. A Bayesian industry approach to phase I combination trials in oncology. In: Statistical
methods in drug combination studies. Boca Raton, FL: Chapman & Hall/CRC Press, 2015, pp.95–135.

24. Zhou Y, Lin R, Lee JJ, et al. Tite-boin12: a Bayesian phase I/II trial design to find the optimal biological dose with late-onset
toxicity and efficacy. Stat Med 2022; 41: 1918–1931.

25. Barnett H, Boix O, Kontos D, et al. Dose finding studies for therapies with late-onset toxicities: a comparison study of designs.
Stat Med 2022; 41: 5767–5788.

26. Cheung YK and Chappell R. Sequential designs for phase I clinical trials with late-onset toxicities. Biometrics 2000; 56:
1177–1182.

27. Mozgunov P, Paoletti X and Jaki T. A benchmark for dose-finding studies with unknown ordering. Biostatistics 2021; 23: 721–737.
28. Wages NA and Varhegyi N. POCRM: an R-package for phase i trials of combinations of agents. Comput Methods Programs

Biomed 2013; 112: 211–218.

https://clinicaltrials.bayer.com/study/19445/
https://beta.clinicaltrials.gov/study/NCT03724747

	1 Introduction
	2 Motivating example
	3 Methodology
	3.1 Trial setup
	3.1.1 Dosing grid
	3.1.2 Trial procedure
	3.1.3 Admissibility and utility

	3.2 Joint TITE-POCRM
	3.3 Joint TITE-BLRM
	3.4 TITE-comb-BOIN12

	4 Simulations
	4.1 Scenarios
	4.2 Data generation
	4.3 Rules
	4.3.1 Enforcement
	4.3.2 Stopping

	4.4 Results
	4.5 Changing the size of the dosing grid

	5 Discussion
	ORCID iDs
	Declaration of conflicting interests
	Data availability
	Supplemental material
	References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile ()
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 5
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2003
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    33.84000
    33.84000
    33.84000
    33.84000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    9.00000
    9.00000
    9.00000
    9.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames false
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks true
      /AddColorBars false
      /AddCropMarks true
      /AddPageInfo true
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


